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Leaderboard

Rank  Model Contact Link #Params ~ AUPRC

1 MapLight + GNN Jim Notwell GitHub, Paper N/A 0.916 + 0.000
2 ContextPred Kexin Huang GitHub, Paper 2,067,053 0904 +0.002
3 AttrMasking Kexin Huang GitHub, Paper 2,067,053 0.902 + 0.002
4 MapLight Jim Notwell GitHub, Paper N/A 0.881 + 0.001

5 Chemprop-RDKit Kyle Swanson GitHub, Paper N/A 0.876 + 0.003
6 ZairaChem Gemma Turon GitHub, Paper N/A 0.875 + 0.002
7 Chemprop Kyle Swanson GitHub, Paper N/A 0.862 + 0.003
8 AttentiveFP Kexin Huang GitHub, Paper 300,806 0.851 + 0.006

9 NeuralFP Kexin Huang GitHub, Paper 480,193 0.849 + 0.004
10 GCN Kexin Huang GitHub, Paper 191,810 0.840 + 0.010
n RDKit2D + MLP (DeepPurpose) Kexin Huang GitHub, Paper 633,409 0.829 + 0.007
12 Morgan + MLP (DeepPurpose) Kexin Huang GitHub, Paper 1,477,185 0.827 + 0.009
13 CNN (DeepPurpose) Kexin Huang GitHub, Paper 226,625 0.821+0.003

14 Euclia ML model Euclia GitHub, Paper 50 0.696 + 0.004
15 Basic ML Nilavo Boral GitHub, Paper N/A 0.654 + 0.000
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System: You are an expert medicinal chemist.
User: Given the SMILES string, return a JSON with:
* “caption” - a 1-sentence plain-English description of the scaffold and key FGs
* “physchem” — pKa, logP and polar surface area (estimate)
* “druglikeness” — one sentence
* “use_case” — likely therapeutic area
Answer only with valid JSON.

Example SMILES: CC(=0)0clccccclC(=0)0

LLMO{[AH| 2XI71E MHEE 16H= TEITEQ| 0f|A|

DEA|E] GIOIE{A 0|2 37|
TDC (Absorption) 17K
TDC (Distribution) 5K
TDC (Metabolism) 50K
orD TDC (Excretion) 2K
=)
TDC (Toxicity) 15K
MoleculeNet (Absorption) 3K
MoleculeNet (Distribution) 2K
MoleculeNet (Toxicity) 19K
e xy BindingDB 9K
Uniprot 250M
Hetionet 2M
A ChemBL2K 2K
Broad6k 6K
_ RxRx3 2.2M
M=
BBBCO021 39K
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Federated Specification

Evaluation Flows

Learning Algorithms

Management Tools

Orchestration

NVIDIA FLARE Runtime

Learner Configuration

Authenticate, Train, Evaluate,
and Update Models

P O PyTorch

B rensorfiow

Privacy Preserving Algorithms

NVIDIA FLARE 72
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